Application of Attractor Selection
to Adaptive Virtual Network Topology Control

Yuki Koizumi
Graduate School of
Information Science and
Technology, Osaka University
1-5 Yamadaoka, Suita, Osaka
565-0871, Japan
ykoizumi@ist.osaka-
u.ac.jp
Eiji Oki
NTT Network Service
Systems Laboratories
3-9-11 Midori-cho, Musashino,
Tokyo 180-8585, Japan
oki@ice.uec.ac.jp

ABSTRACT

The growth of the Internet and emerging application layer technolo-
gies causes numerous changes in network environments. There-
fore, it becomes important to achieve adaptive methods of con-
trolling networks in addition to optimizing their performance. To
achieve an adaptive network control method, we focus on attractor
selection, which models behaviors where biological systems adapt
to unknown changes in their surrounding environments and recover
their conditions. In this paper, we show the applicability of the at-
tractor selection to the adaptive virtual network topology (VNT)
control in IP over wavelength-routed WDM networks. The simula-
tion results indicate that our VNT control method based on attrac-
tor selection quickly and adaptively responds to various changes in
traffic demand.
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1. INTRODUCTION

Wavelength Division Multiplexing (WDM) networks offer a flex-
ible network infrastructure by using wavelength-routing capabil-
ities. In such wavelength-routed WDM networks, a set of optical
transport channels, called lightpaths, are established between nodes
via optical cross-connects. Much research has been devoted to
methods of carrying IP traffic, which is the majority of Internet traf-
fic, over wavelength-routed WDM networks [2,7,8,12,19]. One ap-
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proach to accommodating IP traffic on a wavelength-routed WDM
network is to configure a virtual network topology (VNT), which
consists of lightpaths and IP routers. To achieve effective trans-
port of traffic, VNT control, which configures a VNT on the basis
of given traffic demand matrices, has been investigated by many
researchers [14, 17].

With the growth of the Internet, new application layer services,
such as peer-to-peer networks, have emerged and these applications
cause large fluctuations in network environments. For instance, the
hugely fluctuating traffic demand caused by interactions between
overlay networks and existing traffic engineering mechanisms has
been revealed [9, 13]. Therefore, it is important to achieve a VNT
control method that is adaptive to changes in network environ-
ments.

The approaches to efficiently accommodating changing traffic
demand on VNTs can basically be classified into two, i.e., offline
and on-line approaches. In offline approaches, VNTs are statically
constructed to efficiently accommodate one or multiple traffic de-
mand matrices [1, 18]. These approaches mainly assume that these
traffic demand matrices will be available before the VNT is con-
structed. However, it is obvious that offline approaches cannot ef-
ficiently handle unexpected changes in traffic demand since VNTs
are configured for a certain set of traffic demand matrices.

In contrast with offline approaches, on-line approaches dynam-
ically reconfigure VNTs based on their detection of degraded per-
formance or periodic measurements of the network status without a
priori knowledge of future traffic demand [4,16]. Therefore, on-line
approaches adapt to changes in traffic demand. We develop an on-
line approach to achieve an adaptive VNT control method. In [16],
a VNT reconfiguration method that uses given traffic demand ma-
trices and configures an optimal VNT for the new traffic demand
matrix was proposed. For the smooth transition of VNTs, this
method designs a new VNT by solving linear programming with
constraints on the number of changing lightpaths between the old
and the new VNTSs. In [4], the authors proposed an optimization-
based and heuristic VNT reconfiguration method based on periodic
measurements of the load on lightpaths. This method adapts to
changes in traffic demand by adding one new lightpath when con-



gestion occurs on the VNT or deleting one underutilized lightpath
on the assumption that traffic demand is changing gradually over
long timescales.

Existing on-line VNT control methods assume that traffic de-
mand is changing gradually and periodically as observed in [10].
However, if there are overlay networks on top of the network con-
trolled by the VNT control mechanism, traffic demand fluctuates
greatly and changes in traffic demand are unpredictable as has been
pointed out [9, 13]. Therefore, an important objective is to develop
a VNT control method that adapts to various changes in traffic de-
mand. To achieve this objective, we focus on mechanisms found
in biological systems, which are adaptive against changes in their
surrounding environments.

It is a well-known fact that mechanisms found in biological sys-
tems are robust and can handle changes in the environment [5].
Therefore, many methods that have been inspired by certain behav-
iors found in nature have been proposed. In this paper, we focus
on attractor selection, which models behaviors where living organ-
isms adapt to unknown changes in their surrounding environments
and recover their conditions. In [6], the authors show an attractor
selection model for E. coli cells to adapt to changes in the avail-
ability of a nutrient. As another model of an attractor selection, the
mechanism for adaptability of a cell, which consists of a gene reg-
ulatory network and a metabolic network, is introduced in [3]. One
successful proposal for adaptive network control based on attrac-
tor selection was presented in [11]. They proposed a path selection
mechanism, which was robust against changes in the delay of paths,
based on the attractor selection model introduced in [6]. The funda-
mental concept underlying attractor selection is that the system is
driven by stochastic and deterministic behaviors, and these are con-
trolled by simple feedback of current system conditions. This char-
acteristic is one of the most important differences between attractor
selection and other heuristic or optimization approaches. While
existing heuristic approaches cannot handle unexpected changes in
the environment, attractor selection has the capability of adapting
to unknown changes since the system is driven by stochastic behav-
ior and simple feedback of current system conditions. Therefore,
we adopt attractor selection as the key mechanism in our VNT con-
trol method to attain adaptability against various changes in traffic
demand.

In this paper, we propose an adaptive VNT control method based
on the attractor selection described in [3]. We focus on the simi-
larity of the layered architecture between this attractor selection
model and the IP over WDM network. However, there are vari-
ous differences that are mainly derived from the constraints of the
physical network such as the number of transmitters and receivers.
‘We need to interpret the attractor selection model for the VNT con-
trol method appropriately to develop an adaptive method based on
attractor selection. We describe the interpretation of attractor se-
lection for the VNT control method in more detail in Section 3.

The rest of this paper is organized as follows. Section 2 describes
the attractor selection introduced in [3]. We then propose an adap-
tive VNT control method based on attractor selection in Section 3
and show its performance in Section 4. We conclude this paper in
Section 5.

2. ATTRACTOR SELECTION

Here, we briefly describe attractor selection, which is the key
mechanism in our VNT control method. The original model for
attractor selection was introduced in [3].

2.1 Concept of Attractor Selection

The dynamic system that is driven by attractor selection uses

noise to adapt to environmental changes. In attractor selection, at-
tractors are a part of the equilibrium points in the solution space
in which the system conditions are preferable. The basic mech-
anism consists of two behaviors, i.e., deterministic and stochastic
behaviors. When the current system conditions are suitable for the
environment, i.e., the system state is close to one of the attractors,
deterministic behavior drives the system to the attractor. Where the
current system conditions are poor, stochastic behavior dominates
over deterministic behavior. While stochastic behavior is dominant
in controlling the system, the system state fluctuates randomly due
to noise and the system searches for a new attractor. When the sys-
tem conditions have recovered and the system state comes close
to an attractor, deterministic behavior again controls the system.
These two behaviors are controlled by simple feedback of the con-
ditions in the system. In this way, attractor selection adapts to en-
vironmental changes by selecting attractors using stochastic behav-
ior, deterministic behavior, and simple feedback. In the following
section, we introduce attractor selection that models the behavior
of gene regulatory and metabolic reaction networks in a cell.

2.2 Cell Model

The right of Fig. 1 is a schematic of the cell model used in [3].
It consists of two networks, i.e., the gene regulatory network in the
box at the bottom of Fig. 1 and the metabolic reaction network in
the box at the top.

Each gene in the gene regulatory network has an expression level
of proteins and deterministic and stochastic behaviors in each gene
control the expression level. Deterministic behavior controls the
expression level due to the effects of activation and inhibition from
the other genes. In Fig. 1, the effects of activation are indicated
by the triangular-headed arrows and those of inhibition are indi-
cated by the circular-headed arrows. In stochastic behavior, inher-
ent noise randomly changes the expression level.

In the metabolic reaction network, metabolic reactions consume
various substrates and produce new substrates. These metabolic re-
actions are catalyzed by proteins on corresponding genes. In the
figure, metabolic reactions are illustrated as fluxes of substrates
and catalyses of proteins are indicated by the dashed arrows. The
changes in concentrations of metabolic substrates are given by meta-
bolic reactions and the transportation of substrates from the outside
of the cell. Some nutrient substrates are supplied from the environ-
ment by diffusion through the cell membrane.

The growth rate is determined by dynamics in the metabolic
reactions. Some metabolic substrates are necessary for cellular
growth, and thus the growth rate is determined as an increasing
function of their concentrations. The gene regulatory network uses
the growth rate as feedback of the conditions on the metabolic reac-
tion network and controls deterministic and stochastic behaviors by
using the growth rate. If the metabolic reaction network is in poor
condition and the growth rate is small, the influence of stochastic
behavior dominates deterministic behavior, triggering a search for
a new attractor. During this phase, the expression levels are ran-
domly changed by noise, and the gene regulatory network searches
for a state that is suitable for the current environment. After the
conditions of the metabolic reaction network have been recovered
and the growth rate increases, deterministic behavior again drives
the gene regulatory network to stable states.

The following section describes the mathematical model of at-
tractor selection in more detail.

2.3 Mathematical Model of Attractor Selec-
tion

The internal state of a cell is represented by a set of expression
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Figure 1: Interpretation of attractor selection into VNT control

levels of proteins on n genes, (X, X2, ..., X,), and concentrations
of m metabolic substrates, (y1,y2,...,V,). The dynamics of the
expression level of the protein on the i-th gene, x;, is described as

dx; <
E =f[;Winj—9)'Vg—X,’Vg+T]. (D

The first and second terms at the right hand side represent the deter-
ministic behavior of gene i, and the third term represents stochastic
behavior. In the first term, the regulation of protein expression lev-
els on gene i by other genes are indicated by regulatory matrix W;;,
which takes 1, 0, or —1, corresponding to activation, no regulatory
interaction, and inhibition of the i-th gene by the j-th gene. The
rate of increase in the expression level is given by the sigmoidal
regulation function, f(z) = 1/(1 + e™#%), where z = }, W;;jx; — 6 is
the total regulatory input with threshold 6 for increasing x;, and u
indicates the gain parameter of the sigmoid function. The second
term represents the rate of decrease in the expression level on gene
i. This term means that the expression level decreases depending
on the current expression level. The last term at the right hand side
in Eq. (1), i, represents molecular fluctuations, which is Gaussian
white noise. Noise 7 is independent of production and consump-
tion terms and its amplitude is constant. The change in expression
level x; is determined by deterministic behavior, the first and sec-
ond terms in Eq. (1), and stochastic behavior n. The deterministic
and stochastic behaviors are controlled by growth rate v,, which
represents the conditions of the metabolic reaction network.

In the metabolic reaction network, metabolic reactions, which
are internal influences, and the transportation of substrates from
the outside of the cell, which is an external influence, determine
the changes in concentrations of metabolic substrates y;. The meta-
bolic reactions are catalyzed by proteins on corresponding genes.
The expression level decides the strength of catalysis. A large ex-
pression level accelerates the metabolic reaction and a small ex-
pression level suppresses it. In other words, the gene regulatory
network controls the metabolic reaction network through catalyses.

Several metabolic substrates are necessary for cellular growth.
Growth rate v, is determined as an increasing function of the con-
centrations of these vital substrates. The gene regulatory network
uses v, as the feedback of the conditions on the metabolic reaction
network and controls deterministic and stochastic behaviors. If the

concentrations of the required substrates decrease due to changes in
the concentrations of nutrient substrates outside the cell, v, also de-
creases. By decreasing v,, the effects that the first and second terms
in Eq. (1) have on the dynamics of x; decrease, and the effects of n
increase relatively. Thus, x; fluctuates randomly and the gene reg-
ulatory network searches for a new attractor. The fluctuations in
x; lead to changes in the rate of metabolic reactions via the cataly-
ses of proteins. When the concentrations of the required substrates
again increase, v, also increases. Then, the first and second terms
in Eq. (1) again dominate the dynamics of x; over stochastic behav-
ior, and the system converges to the state of the attractor. Since we
mainly use the gene regulatory network and only mentioned con-
cept of the metabolic reaction network, we have omitted a descrip-
tion of the metabolic reaction network from this paper. Readers
can refer to [3] for a detailed description of the metabolic reaction
network. The next section explains the VNT control method based
on this attractor selection model.

3. VNT CONTROL BASED ON ATTRACTOR
SELECTION

This section proposes a VNT control method based on the attrac-
tor selection model. We first introduce the network model that we
use. Then, we outline our VNT control method based on attractor
selection, and then describe our approach in detail.

3.1 Network Model

Our network consists of two layers: an optical and an IP layer
as shown in the left of Fig. 1. On the optical layer, the WDM net-
work consists of OXCs and optical fibers. VNT control configures
lightpaths between IP routers via OXCs on the WDM network and
these lightpaths and IP routers form a VNT. On the IP layer, pack-
ets are forwarded along the routes that are determined by IP routing
on this VNT.

3.2 Overview of VNT Control Based on At-
tractor Selection

In attractor selection, the gene regulatory network controls the
metabolic reaction network, and the growth rate, which is the sta-
tus of the metabolic reaction network, is recovered when the growth
rate is degraded due to changes in the environment. In our VNT
control method, the main objective is to recover the performance of



the IP network by appropriately constructing VNTs when perfor-
mance is degraded due to changes in traffic demand. Therefore, we
interpret the gene regulatory network as a WDM network and the
metabolic reaction network as an IP network, as shown in Fig. 1.
The VNT control method drives the IP network in this way by con-
structing VNTs and the performance of the IP network recovers
after it has degraded due to changes in traffic demand.

Our proposed approach works on the basis of periodic measure-
ments of the link load, which is the volume of traffic on links, and it
uses load information on links to know the conditions of the IP net-
work. This information is converted to activity, which is the value
to control deterministic and stochastic behaviors. We describe the
activity in Section 3.3.3. Our method controls the deterministic
and stochastic behaviors in the same way as attractor selection de-
pending on the activity. We describe the deterministic and stochas-
tic behaviors of our VNT control method in Section 3.3.1. Our
method constructs a new VNT according to the system state of at-
tractor selection, and the constructed VNT is applied as the new
infrastructure for the IP network. By flowing traffic demand on this
new VNT, the load on links in the IP network is changed, and our
method again retrieves this information to know the conditions of
the IP network.

3.3 VNT Control Method Based on Attractor
Selection

This section describes our VNT control method in detail. The
following sections use i, j, s, and d as indexes of nodes, and p;; as
an index of the source-destination pair from node i to j.

3.3.1 Dynamics of VNT Control

We place genes on every source-destination pair in the WDM
network and the expression level of each gene determines the num-
ber of lightpaths on those node pairs. To avoid confusion, we refer
to genes placed on the WDM network as control units and the ex-
pression levels of the control units as control values.

The dynamics of x,,,; is defined by the following differential equa-
tion,

dxp,;
dr

=v,-f Z Wpijs psa) - Xpyy = Opyy | = Ve - Xp; 1, (D)
Psd

where 7 represents white Gaussian noise, f(z) = 1/(1 + exp(—z)) is
the sigmoidal regulation function, and v, is the value that indicates
the condition of the IP network. We use the same formula as in
Eq. (1) to determine the control values. According to the observa-
tion in [3], we use white Gaussian noise with a mean of 0 and a
variance of 0.1 for 7.

The number of lightpaths between node pair p;; is determined
according to value x,,.. We assign more lightpaths to a node pair
that has a high control value than a node pair that has a low control
value. Function f(z,,; — 0,,,), where z,,. = 3,  W(pij, Psa) * Xp»
has its center at z,,, = 6,,; and exhibits rapid growth near 6,,,. With
smaller 6, , the curve of f(z,,; —6),,) is shifted in the negative direc-
tion, and therefore f(zpij - 0”].) increases. This increases dxpij/dt,
and this then leads to an increase in x,,;. This is equivalent to in-
creasing the number of lightpaths between p;; in our VNT control
method. In the same way, a larger ), leads to a decrease in x,,
and then decreases the number of lightpaths between p;;. There-
fore, in our VNT control method, we control the number of light-
paths by adjusting ¢,,; depending on the load on the link. Let y,,,
denote the load on the link between node pair p;;. To assign more
lightpaths to a node pair that has a highly loaded link, we decrease
0),; for node pair p;; that has high y,, .. We determine 6,,. by using
Opi; = ~Opi; = Ymin)/ Omax = Ymin) X 26* —6*, where 8* is the constant

value that represents the range of 0,,,.‘],, and ypax and yp, correspond
to the maximum and minimum load in the network. If node pair p;;
has no links, we use ymin as yy,; to gradually modify the VNT.

3.3.2  Regulatory Matrix

The regulatory matrix is an important parameter since the de-
terministic behavior of our VNT control method is dominated by
this matrix. Each element in the regulatory matrix, which is de-
noted as W(p;;, psa), represents the relation between node pair p;;
and pg. The value of W(p;;, pss) is a positive number a4, zero, or
a negative number «¢;, corresponding to activation, no relation, and
inhibition of the control unit on p;; by the control unit on p,,. If
the control unit on p;; is activated by that on p,, increasing x,_,
leads to increasing p;;. That is, node pair p,, increases the number
of lightpaths on p;; in our VNT control method.

Let us consider three motivations for setting up or tearing down
lightpaths for defining the regulatory matrix, i.e., establishing light-
paths for detouring traffic, increasing the number of lightpaths for
the effective transport of traffic on the IP network, and decreasing
the number of lightpaths due to a certain fiber being shared with
other node pairs. First, for detouring traffic on the route from node
i to j to other lightpaths, new lightpaths should be set up between
node pair p;;. Therefore, we interpret this motivation as the activa-
tion of the control unit on p;; by the control units on each node pair
along the route of the lightpath between p;;. Let us next consider
the situation where a path on the IP network uses the lightpaths on
pij and p,,. In this case, a certain amount of traffic on p;; is also
transported on p,;. Thus, if the number of lightpaths on p;; is in-
creased, the number of lightpaths on p,, should also be increased
for IP traffic to be effectively transported. Therefore, the control
units on p;; and py activate each other. Finally, let us consider
the relation between node pairs that share a certain fiber. Here,
if the number of lightpaths on one node pair increases, the num-
ber of lightpaths on the other node pairs should decrease because
of limitations on wavelengths. Therefore, the control unit on p;;
is inhibited by the control unit on py, if lightpaths between these
node pairs share the same fiber. To achieve a more effective VNT
control method in terms of optimal performance, other motivations
such as the relation between adjacent node pairs should be con-
sidered. Since the main purpose in this research is to achieve an
adaptive VNT control method, we consider these three motivations
mentioned above.

The constant values, @4 and «a;, represent the strength of acti-
vation and inhibition. The total regulatory input to each control
unit, z,,; = %, W(pij, Psa)Xp,, 1s inherent in Eq. (2) and should
be independent of the number of control units since the appropri-
ate regulatory input is determined by the sigmoid function, f(z,,,).
To achieve a VNT control method that flexibly adapts to various
environmental changes, Eq. (2) must have a sufficient number of
equilibrium points, which are potential attractors depending on the
surrounding environments. In [3], the authors evaluated their at-
tractor selection model under a scenario where the gene regulatory
network had 36 genes and each gene was activated or inhibited by
other genes with a probability of 0.03. They demonstrated that the
attractor selection model was extremely adaptable against environ-
mental changes. We determine @, and @, on the basis of their re-
sults. Since z,,; cannot be retrieved prior to calculating Eq. (2), we
use z,0 = 3, WA(pij, psa), and 2 = X, W (pij, psa), where
WA(pij, psa) and W!(p;;, psa) are the binary variables. The vari-
able, WA(p,-j,de) takes 1 if the control unit on p;; is activated by
that on py,, and otherwise 0. To obtain the relation of inhibition,
W!(pij, psa) is defined in the same way as W(p;;, psa). The two
metrics, z;j?f and z;)’,_ ” indicate the total amount of activation or in-



hibition on the control unit, p;;, from the other control units. Each
gene in [3] had 74 = 0.03x36 = 1.08 since each gene was activated
from 36 genes, including itself, with a probability of 0.03. In our
VNT control method, each control unit has an average of z;j}l_ =
(Z,,U Yip asWA(pij, psa))/N, where N is the number of control
units. Thus, we define @y asay = 1.08N/ %, 3, WA(pij, Psa)- In

the same way, «; is defined as @; = 1.08N/ Zpij . W’(p,-j,psd).

3.3.3  Activity

The growth rate is the value that indicates the conditions of the
metabolic reaction network, and the gene regulatory network seeks
to optimize the growth rate. In our VNT control method, we use
the maximum link utilization on the IP network as a metric that in-
dicates the conditions of the IP network. To retrieve the maximum
link utilization, we collect the traffic volume on all links and select
their maximum values. This information is easily and directly re-
trieved by SNMP. To avoid confusion, we will refer to the growth
rate defined in our VNT control method as activity after this. This
activity must be an increasing function for the goodness of the con-
ditions of the target system, i.e., the IP network in our case, as
mentioned in Section 2. Therefore, we convert the maximum link
utilization on the IP network, up,,, into the activity, v,, as

0% .
if Umax = ¢
1+ exp (6 . ’(yumax - g)) (3)

T+ oxp @5 =0y 1t <&

where 7y is the parameter that scales v, and ¢ represents the gradi-
ent of this function. The constant number, ¢, is the threshold for
the activity. One example curve for this activity function is plotted
in Fig. 2. If the maximum link utilization is more than threshold
{, the activity rapidly approaches O due to the poor conditions of
the IP network. Then, the dynamics of our VNT control method
is governed by noise and the search for a new attractor. Where
the maximum link utilization is less than ¢, we increase the activ-
ity slowly with decaying gain in the activity to improve the maxi-
mum link utilization. Since improving the maximum link utiliza-
tion from a higher value has a greater impact on the IP network than
that from a lower value, even if the degree of improvement is the
same, we differentiate the gain of the activity as depending on the
current maximum link utilization. Moreover, by retaining the in-
centive for improving maximum link utilization, our VNT control
method continuously attempts to improve the conditions of the IP
network. Parameter vy is set to 100, which is a sufficiently shown as
the enough large value for the gene regulatory network to strongly
converge attractors despite the existence of noise in [3]. We set the
target maximum link utilization, £, to 0.5 and the gradient, ¢, to 50
to achieve quick responses to changes in .

3.3.4 VNT Construction

The number of lightpaths between node pair p;; is calculated
from x,,;. To simplify the model of our VNT control method, we
assume that the number of wavelengths on optical fibers will be
sufficient and the number of transmitters and receivers of optical
signals will restrict the number of lightpaths between node pairs.
Each node has Py receivers and Pr transmitters. We assign trans-
mitters and receivers to lightpaths between p;; based on x,, nor-
malized by the total control values for all the node pairs that use
the transmitters or the receivers on node i or j. The number of
lightpaths between p;;, G,,,.,., is determined as

Xpij

Zx ‘xpr

. Xpij
G, = min (LPR . 1, LPr- J). “4)
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Figure 2: Activity

Figure 3: European Optical Network topology

Since we adopt the floor function for converting real numbers to in-
tegers, each node has residual transmitters and receivers. We assign
one lightpath in descending order of x,,; while the constraint on the
number of transmitters and receivers is satisfied. Note that other
constraints derived from physical resources such as the number of
wavelengths on a fiber can easily be considered. For instance, re-
strictions on the number of wavelengths on a fiber are satisfied by
adding x,,; normalized by the total control values for all the node
pairs that use the same fiber to Eq. (4).

4. PERFORMANCE EVALUATION

4.1 Simulation Conditions

We use the European Optical Network (EON) topology shown in
Fig. 3 for the physical topology. The EON topology has 19 nodes
and 39 bidirectional links. Each node has eight transmitters and
eight receivers. We use randomly generated traffic demand matri-
ces in the evaluations that followed.

We focus on changes in traffic demand in the IP network for
the environmental changes. We consider two types of changes in
traffic demand; the first included gradual and periodic changes and
the second included sudden and sharp changes. By using Fourier
series, traffic demand from node i to j at time ¢, d;;(¢), changes
gradually and periodically as

H
di;(® = Bi; - [a + Z (bﬁ; cos(Z”—T’h) +cl sin(#))], &)

h=1



where T is the cycle of changes in traffic demand; we use 24 hours
as a cycle in this simulation. The constant parameters a, bf.’j, and cf?j
define the curve of d;;(t), and §;; scales d;;(¢). Since our main ob-
jective is to achieve adaptability against changes in traffic demand
and not to optimize the performance of the VNT control method
for realistic traffic patterns, we simply generate the parameters as
follows. Parameters bf‘j and cf.’. are uniformly distributed random
numbers in a range from 0 to 1. We set the constant value a to
V2 to ensure that d;;(t) is non-negative. The scale factor of traffic
demand g;; follows a log-normal distribution with variance in the
variable’s logarithm, o2, according to the observation in [15]. We
set H to 1. For sudden and abrupt changes in traffic demand, we
randomly change f3;; at certain intervals while keeping the expected
value of total traffic demand in the network constant.

4.2 Behaviors of VNT Control Based on At-
tractor Selection

This section explains the basic behaviors of our VNT control
method. In the simulation experiments, we assume that our VNT
control method will collect information about the load on links ev-
ery 5 minutes.

We evaluate our VNT control method with the maximum link
utilization in Fig. 4. The horizontal axis plots the time in hours and
the vertical axis plots the maximum link utilization. The results for
the first 24 hours have been omitted to disregard the transient phase
during the simulation. Abrupt traffic changes occur every 3.6 hours
and traffic demand continuously and gradually changes in the time
between these abrupt traffic changes. Maximum link utilization
degrades drastically every 3.6 hours due to the abrupt changes in
traffic, but the maximum link utilization recovers shortly after this
degradation.

To illustrate the adaptation mechanism of our VNT control method
more clearly, we will present the control values, which determine
the number of lightpaths between node pairs, and the activity, which
is fed back to the our VNT control method and controls stochastic
and deterministic behaviors, in Figs. 5 and 6, respectively. In Fig. 5,
we selected ten control units out of 342 on all node pairs and have
plotted the control values for these control units. When there are
only periodic and gradual changes in traffic demand, our proposed
method adjusts the control values depending on the changes in traf-
fic demand. When maximum link utilization is degraded due to
sharp changes in traffic demand, this degradation is reflected as a
decrease in activity as shown in Figs. 4 and 6. As the result of the
decreases in activity, stochastic behavior dominates over determin-
istic behavior in our VNT control method. This is observed as fluc-
tuations in the control values in Fig. 5. Our method searches for
a new VNT that is suitable for the changed traffic demand while
stochastic behavior dominates deterministic behavior. After the
new VNT is constructed and the maximum link utilization is re-
covered, activity increases, and then deterministic behavior again
dominates in the VNT control method. In this way, our method
adapts to both abrupt and gradual changes in traffic demand by con-
trolling deterministic and stochastic behavior with activity.

4.3 Adaptability to Changes in Traffic Demand

We next evaluate the adaptability of our VNT control method to
changes in traffic demand. For purposes of comparison, we use two
existing heuristic VNT control methods. The MLDA (Minimum
delay Logical topology Design Algorithm) [17] constructs VNTs
on the basis of a given traffic demand matrix. The main objective
of MLDA is to minimize the maximum link utilization. The basic
idea behind MLDA is to place lightpaths between nodes in order of
descending traffic demand. We use another VNT control method,
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which is introduced in [4]. After this, we will refer to this VNT con-
trol method as “ADAPTATION.” ADAPTATION aims at achieving
adaptability against changes in traffic demand. This method recon-
figures VNTSs according to the load on links and the traffic demand
matrix. ADAPTATION measures the actual load on links every 5
minutes and adds a new lightpath to the current VNT when conges-
tion occurs. This method places a new lightpath on the node pair
with the highest traffic demand among all node pairs that use the
congested link. This decision is made according to the traffic de-
mand matrix. However, to measure the traffic demand on all node
pairs directly and in real-time is generally difficult due to the large
overhead in collecting information. Therefore, we use the traffic
demand matrix estimated with the method in [20] as the input pa-
rameter for ADAPTATION. In the simulation experiment, ADAP-
TATION reconfigures VNTs every 5 minutes using the measured
load on links and the estimated traffic demand matrix. To simplify
our evaluations, MLDA reconfigures VNTs every 60 minutes using
the actual traffic demand matrix.

The maximum link utilization over time is shown in Fig. 7. The
simulation conditions are the same as those discussed in Section 4.2.
It is obvious that the maximum link utilization of MLDA continues
to be high until the next reconfiguration is performed. Thus, degra-
dation due to unsuitable VNT for changed traffic demand is retained
for prolonged periods depending on the timing for the VNT recon-
figuration. The recovery time, which is defined as the period until
maximum link utilization is recovered, for our approach is much
shorter than that for ADAPTATION, although both methods recon-
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changes in traffic demand

figure VNTs every 5 minutes. The recovery time for ADAPTA-
TION is approximately the same as that for MLDA. Errors between
estimated and actual traffic demand lead to incorrect decisions on
selecting the node pair on which a new lightpath is placed. Thus,
the efficiency of setting up lightpaths is degraded. In contrast with
ADAPTATION, our method uses actual information, i.e., the mea-
sured load on links, and therefore quickly adapts to changes in traf-
fic demand. A fixed amount of noise has a constant influence on
our VNT control method even when the IP network has good con-
ditions and activity is high. The effect of noise plays an important
role in achieving adaptability against changes in traffic demand, as
explained in Section 4.2. However, noise does not always have a
beneficial effect on our proposed scheme due to its random nature.
At time 35, the maximum link utilization with our VNT control
method increases drastically even though abrupt changes in traf-
fic demand do not occur. However, this degradation in maximum
link utilization is immediately reflected as a decrease in activity,
and maximum link utilization quickly recovers due to the adapta-
tion mechanism described in Section 4.2. These results indicate
that our method has capabilities for adapting to changes in traffic
demand, and can adapt to these changes quickly.

5. CONCLUSION

We proposed a VNT control method that is adaptive to changes
in traffic demand. It is based on attractor selection, which mod-
els the behaviors of biological systems that adapt to environmen-

tal changes and recover their conditions. Our new approach is ex-
tremely adaptable to changes in traffic demand by appropriately
controlling deterministic and stochastic behaviors depending on the
activity, which is simple feedback of the conditions on the IP net-
work. Our proposed method only uses load information on links to
determine the activity. Since the load on links is directly retrieved
within short intervals, our proposed method quickly and adaptively
responds to changes in traffic demand. The simulation results in-
dicated that our VNT control method quickly responds and adapts
to changes in traffic demand. By using stochastic behavior and
controlling it appropriately depending on the activity, our new ap-
proach adapts to various changes in traffic demand.

In our approach, stochastic behavior, i.e., noise, plays an im-
portant role in achieving adaptability against changes in traffic de-
mand. In this paper, we defined the noise according to the observa-
tion in [3]. A future direction is to investigate a suitable noise am-
plitude for VNT control methods to achieve more efficient search
for a new VNT.
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