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Abstract. To explore the use of intelligent reflecting surface (IRS) technology
to improve target detection in an integrated sensing and communication (ISAC)
system, this paper investigates the joint active and passive beamforming design
for ISAC system equipped with IRS. An optimization problem is formulated to
maximize the signal-to-noise ratio (SNR) at the base station (BS) while ensuring a
minimum signal-to-interference-plus-noise-ratio (SINR) at each communication
user (CU). An alternative algorithm is proposed to tackle this non-convex problem,
and the problem is decomposed into three sub-problems. In the first sub-problem,
the semi-definite relaxation (SDR) algorithm is used to solve the communication
and sensing beamformers. A receive combining vector at the base station is derived
from an equivalent Rayleigh-quotient problem in the second sub-problem. Lastly,
the Successive Convex Approximation (SCA) based algorithm is applied to yield
the IRS phase shift solution in the third sub-problem. The optimization algorithm
alternates between these three steps until convergence is achieved. Simulation
results demonstrate the effectiveness of the proposed beamforming algorithm,
showcasing its superiority over the matched filter (MF) approach.

Keywords: Integrated sensing and communication (ISAC) · Intelligent
reflecting surface (IRS) · Active and passive beamforming optimization

1 Introduction

In recent years, the integration of intelligent reflecting surfaces (IRS), also called recon-
figurable intelligent surfaces (RIS) intowireless communication systemshas showngreat
potential in enhancing system performance and enabling new capabilities [1]. IRS is a
programmable surface consisting of many passive reflecting elements, which can collec-
tively perform various functions to manipulate and control electromagnetic waves (EW)
[2]. However, the escalating demand for wireless communication services, such as the
proliferation of Internet of Things (IoT) devices, the increasing adoption of cloud com-
puting, and the development of smart cities and connected infrastructure, has resulted
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in a crowded and scarce frequency spectrum [3]. To address this challenge, integrated
sensing and communication (ISAC) systems have emerged, enabling efficient spectrum
utilization by combining sensing and communication functionalities, allowing them to
share the same frequency bands [4] simultaneously. The ISAC system offers a cost-
effective solution for applications where both sensing and communication functions are
required, including autonomous vehicles (AVs) [5], unmanned aerial systems (UAS), or
military surveillance systems. The integration of RIS with ISAC systems has captured
many researchers’ attention due to its numerous benefits. The authors of [6] proposed a
joint design of transmit beamforming andRIS tomaximize the radar signal-to-noise ratio
(SNR) as a performance metric of target estimation. In [7], the authors investigated the
use of RIS tomitigatemulti-user interferencewhile synthesizing a desired transmit beam
pattern and optimizing theDFRCwaveform andRIS phase shiftmatrix. In this article [8],
the authors proposed a novel ISAC-RIS system that utilizes a dual-function base station
to transmit the superimposed non-orthogonal multiple access (NOMA) communication
signals to serve both communication users and sensing targets concurrently.

In this work, our objective is to maximize the signal-to-noise ratio at the base sta-
tion to enhance target detection by jointly optimizing the communication and sensing
beamformers. The problem is highly non-convex due to the deeply coupled variables
and the unit-modulus phase shift constraint. To tackle this problem, we propose an alter-
native optimization approach in which the communication and sensing beamformers
are optimized using the SDR algorithm. The receive combining vector is optimized
based on an equivalent Rayleigh-quotient problem. For the passive beamformer, we
used a real-valued first-order Taylor expansion to linearize the objective function, and
the SCA-based algorithm is designed to find the IRS phase shift solution. In this paper,
the target is considered to be unknown, but it is expected to be within the range (0,
r] in terms of distance, where r is the distance between a possible target and the IRS,
and within the regions [ϑ1, ϑ2] and [ϕ1, ϕ1] for elevation angle-of-departure (AOD) and
azimuth AOD from the IRS to the possible target, respectively. The sensing and commu-
nication tasks are executed simultaneously. The IRS reflects the beamformers emitted
by the base station toward the communication users and potential targets. The presence
of a target is determined by reflecting a portion of the scattered wave, which is dispersed
throughout the propagation space when the reflective beam illuminates the target. The
reflected wave, known as the echo, is then redirected back to the BS by the IRS and
received for further processing to detect the target. Simulation results validate the effi-
ciency of our optimization approach, highlighting its ability to achieve remarkable SNR
gains at the BS. The remaining sections of this paper are structured as follows. Section 2
introduces the IRS-aided ISAC system model and formulates the maximization prob-
lem. The communication and the sensing metrics will also be discussed in this section.
An optimization algorithm is proposed in Sect. 3 to solve the optimization problem.
Simulation results are provided in Sect. 4. Finally, Sect. 5 concludes this paper.



68 S. Awad et al.

2 System Model and Problem Formulation

2.1 System Model

In this scenario, we consider a multicast wireless downlink communication system with
a base station withM transmitting and receiving antennas organized in a uniform linear
array (ULAs) and d antenna spacing. IRS with N reflecting elements arranged in a
uniform planner array (UPAs) with Nx and Ny Elements per dimension, respectively.
Single-antenna communication users denoted by k ∈ K = {1, ...,K}, , and assumed to
be static. A target that needs to be detected does not have a direct line-of-sight (LOS)
path from the BS, as illustrated in Fig. 1.

Fig. 1. An IRS-assisted ISAC system.

Communication Metric. The transmitted waveform at the BS serves both communi-
cations and sensing purposes and can be denoted by

x(t) = wcsc(t) + wrsr(t)

where wc ∈ C
M×1 and wr ∈ C

M×1 are the active communication and sensing beam-
former vectors, respectively. The communication signal sc(t) and the sensing signal sr(t)
are assumed to be statistically independent of each other and uncorrelated, satisfying
E

{
sr(t)sc(t)∗

} = 0, and E
(
sr(t)sr(t)H

) = E
(
sc(t)sc(t)H

) = 1.

The received signal at the k-th communication receivers can be expressed as.

yk =
[
hHRk�(�R,�k)HBR + hHBk

]
x(t) + nk(t),∀k ∈ K, (1)
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where HBR ∈ C
N×M ,hRk ∈ C

N×1, and hBk ∈ C
M×1 denote the BS-IRS channel,

IRS-k user channel, and BS-k user channel,∀k ∈ K, respectively. The diagonal IRS
response matrix with respect to the incident direction �R and the k-th users’ direction
�k , which can be expressed as �(�R,�k) = diag(φ), where φ represents the unite
modulus phase shift vector that satisfies φ = [

ejθ1 , ..., ejθN
]T
, where θn represents the

phase shift reflection coefficient of the IRS elements, for n = 1, 2, ...,N , being the phase
shift variables. nk(t) ∼ CN (

0, σ 2
k

)
denotes the additive white Gaussian noise (AWGN)

at the k-th users with σ 2
k being the noise power.

Channel Model. In our scenario, we assume a perfect channel state information (CSI)
of the channels, which can be acquired using various channel estimation methods [9],
and they are modeled as.

HBR =
√

PLκ
BR

1 + κ
HBR +

√
PLBR
1 + κ

H̃BR, (2)

where κ is the Rician factor, and the large-scale path loss is given by.

PLBR = L0

(
dBR
d0

)−αBR

, (3)

where L0 is the path loss coefficient at d0 = 1m, and αBR is the path loss exponent while
dBR denotes the distance between the BS and the IRS, the same equation is applied to
the remaining channels. H̃BR is the NLOS Rayleigh fading components, while the LOS
components are represented by

HBR = a(ϑR, ϕR)aH(ϑBR, ϕBR),hRk = a(ϑk , ϕk),∀k ∈ K
hBk = a(ϑBk , ϕBk),∀k ∈ K (4)

where ϑR and ϕR are the elevation and azimuth angle-of-arrivals (AOAs) at the IRS. The
elevation and azimuth angle-of-departures (AODs) at the BS toward the IRS are ϑBR and
ϕBR, and toward the k-th users are ϑBk and ϕBk . The steering vectors are expressed as

a(ϑBX , ϕBX ) =
(
1, ej

2πd
λ

sinϑBX sinϕBX , ..., ej
2πd
λ (M−1)sinϑBX sinϕBX

)T
,X ∈ {R, k},

∀k ∈ K
a(ϑR, ϕR) =

(
1, ej

2πd
λ

sinϑRcosϕR , ..., ej
2πd
λ (Nx−1)sinϑRcosϕR

)T

⊗
(
1, ej

2πd
λ

sinϑRsinϕR , ..., ej
2πd
λ (Ny−1)sinϑRsinϕR

)T

a(ϑk , ϕk) =
(
1, ej

2πd
λ

sinϑk cosϕk , ..., ej
2πd
λ (Nx−1)sinϑk cosϕk

)T

⊗
(
1, ej

2πd
λ

sinϑk sinϕk , ..., ej
2πd
λ (Ny−1)sinϑk sinϕk

)T
,∀k ∈ K.

The SINR at the k-th users can be represented by.

SINRk =
∣∣(hHBk + hHRk�(�R,�k)HBR)wc

∣∣2
∣∣(hHBk + hHRk�(�R,�k)HBR)wr

∣∣2 + σ 2
k

,∀k ∈ K. (5)
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Sensing Metric. The BS detects the presence of a target by analyzing the echo signal
reflected back from it; the power of the echo signal can be mathematically derived as

Es =
ϕA+ 
ϕ

2∫
ϕA− 
ϕ

2

ϑA+ 
ϑ
2∫

ϑA− 
ϑ
2

{
λ2E{L1}
64π3r2

aH(ϑ, ϕ)diag(φ)HBR

(
wcwH

c + wrwH
r

)
HH

BRdiag
(
φH )

a(ϑ, ϕ)

aH(ϑ, ϕ)diag
(
φH)

HBRwBwH
BH

H
BRdiag(φ)

a(ϑ, ϕ)sinϑ}, dϑdϕ

(6)

where L1 signifies the average reduction or attenuation in signal strength that occurs due
to the first-order scattering phenomenon and wB is the receive combining vector at the
BS. We build upon the derivation presented in [10]; interested readers may refer to the
original paper for a detailed explanation.

The received SNR at the BS is given by

SNR = Es

σ2r
, (7)

where σ2r is the noise power.

2.2 Problem Formulation

In this paper, we aim to maximize the SNR at the BS by optimizing both communication
and sensing beamformer vectors, the receive combining vector at the BS, and the IRS
phase-shift matrix. The problem can be stated as follow.

(P1) : maximize
wc,wr ,φ,wB

SNR, (8-a)

subject to Tr
(
wcwH

c

)
+ Tr

(
wrwH

r

)
≤ PT , (8-b)

∣∣φn

∣∣ = 1, n = 1, 2, ...,N , (8-c)

SINRk ≥ γ,∀k ∈ K, (8-d)

‖wB‖2 = 1, (8-e)

in which (8-b) is the transmit power constraint, (8-c) is the phase-shift unit modulus
constraint, in (8-d), γ is the threshold or the minimum SINR that is necessary for reli-
able communication, and (8-e) is the receive combing vector constraint. The objective
function exhibits non-convexity, posing challenges in finding a local optimal solution.
Consequently, an alternative iterative approach is devised to optimize the variables wc,
wr , wB, and φ.
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3 Optimization Algorithm

Undoubtedly, obtaining the optimal solution to the optimization problem is a challenging
task. To address this, an alternative algorithm is designed; we first optimize the commu-
nication and sensing beamformers while the IRS phase-shit and the receive combining
vector is fixed; with fixed communication and sensing beamformers and IRS phase-shit,
an equivalent Rayleigh-quotient problem is proposed to optimize the receive combin-
ing vector, then we optimize the IRS phase-shift with fixed communication and sensing
beamformers and the receive combining vector. By decomposing problem (P1) into three
sub-problems, we can effectively handle the complexity of the overall problem while
achieving enhanced performance in maximizing the SNR.

3.1 Optimize wc and wr

With given φ and wB, the optimization sub-problem can be written as

(P2) : maximize
wc,wr

SNR, (9-a)

subject to (8−b), (8−d). (9-b)

In order to tackle (P2), we will introduce two new matrices denoted as C and Xk ,
in addition, we will utilize the trace to aid in solving this sub-problem, which can be
reformulated as

(P3) : maximize
Wc�0,Wr�0

μTr(C(Wc + Wr)), (10-a)

subject to Tr(XkWc) − γ
[
Tr(XkWr) + σ 2

k

]
≥ 0,∀k ∈ K , (10-b)

Tr(Wc) + Tr(Wr) ≤ PT , (10-c)

rank(Wc) = 1, rank(Wr) = 1, (10-d)

where

C =
ϕA+ 
ϕ

2∫
ϕA− 
ϕ

2

ϑA+ 
ϑ
2∫

ϑA− 
ϑ
2

[
HH

BRdiag
(
φH)

a(ϑ, ϕ)aH(ϑ, ϕ)diag
(
φH)

HBR

wBwH
BH

H
BRdiag(φ)a(ϑ, ϕ)aH(ϑ, ϕ)diag(φ)HBR

sinϑ]dϑdϕ,

(11)

Xk =
[
hBk + HH

BR�H(�R,�k)hRk
][
hHBk + hHRk�(�R,�k)HBR

]
,∀k ∈ K, (12)

where Wc = wcwH
c , Wr = wrwH

r , and μ = λ2E{L1}
64π3r2σ2r

, which represents the constant

values. To deal with rank one constraint, we leverage SDR technique. By eliminating
rank one constraint from the problem formulation, the relaxed problem is given by

(P4) : maximize
wc,wr

SNR, (13-a)
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subject to(10 − b), (10 − c). (13-b)

Problem (P4) is a convex semi-definite programming (SDP), and can be solved effi-
ciently by CVX toolbox. The optimal values ofwc andwr can be derived by performing
eigenvalue decomposition (EVD) on the matrices Wc and Wr .

3.2 Optimize wB

With wc, wr, and φ being fixed, the sub-problem can be expressed as

(P5) : maximize
wB

wH
BMwB, (14-a)

subject to ‖wB2 = 1‖, (14-b)

where

M =
ϕA+ 
ϕ

2∫
ϕA− 
ϕ

2

ϑA+ 
ϑ
2∫

ϑA− 
ϑ
2

{
λ2E{L1}
64π3r2

HH
BRdiag(φ)a(ϑ, ϕ)

aH(ϑ, ϕ)diag(φ)HBR(wcwH
c + wrwH

r )

HH
BRdiag

(
φH)

a(ϑ, ϕ)aH(ϑ, ϕ)diag
(
φH)

HBRsinϑ}dϑdϕ.

(15)

The objective function is equivalent to maximize
wH
B MwB

wBwH
B

since wH
BwB = 1 holds,

problem (P5) is a common Rayleigh-quotient problem, and its solution can easily be
obtained as

wB(opt) = vmaxM, (16)

in which, vmax denotes the eigenvector ofM corresponds to the largest eigenvalue ofM.

3.3 Optimize φ

For a given wc, wr , and wB, the sub-problem can be formulated as

(P6) : maximize
φ

SNR, (17-a)

subject to(8−c), (8−d). (17-b)
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To linearize the objective function, we will employ a real-valued first-order Taylor
expansion. Additionally, to convert constraint (8-d) into a linear form, we will utilize
the Charnes-Cooper Transformation. Then, the problem will be relaxed by using SDR
technique, and SCA-based algorithm will be designed to obtain the optimal solution.

Charnes-Cooper Transformation. To tackle constraint (8-d), we define a vector.

z = [
φT, 1

]T
, and Z = zzH. Then, we define two new matrices as follow.

Qck =
[
diag

(
wH
c H

H
BR

)
hRkhHRkdiag(HBRwc) diag

(
wH
c H

H
BR

)
hRkhHBkwc

wH
c hBkh

H
Rkdiag(HBRwc) wH

c hBkh
H
Bkwc

]
,∀k ∈ K

Qrk =
[
diag

(
wH
r H

H
BR

)
hRkhHRkdiag(HBRwr) diag

(
wH
r H

H
BR

)
hRkhHBkwr

wH
r hBkh

H
Rkdiag(HBRwr) wH

r hBkh
H
Bkwr

]
,∀k ∈ K.

Real-Valued First-Order Taylor Expansion. To convexify the objective function,
first, we define f (φ) as a function dependent on φ as follow.

f (φ) =
ϕA+ 
ϕ

2∫
ϕA− 
ϕ

2

ϑA+ 
ϑ
2∫

ϑA− 
ϑ
2

{aH(ϑ, ϕ)diag(φ)HBR(wcwH
c + wrwH

r )

HH
BRdiag

(
φH)

a(ϑ, ϕ)aH(ϑ, ϕ)diag
(
φH)

HBR

wBwH
BH

H
BRdiag(φ)a(ϑ, ϕ)sinϑ}dϑdϕ.

(18)

Furthermore, we introduce auxiliary matrices that are associated with ϑ and ϕ as

J(ϑ, ϕ) =
[
diag

(
aH(ϑ, ϕ)

)
HBR(wcwH

c + wrwH
r )HH

BRdiag(a(ϑ, ϕ))
]T

, (19)

H(ϑ, ϕ) = diag
(
aH(ϑ, ϕ)

)
HBRwBwH

BH
H
BRdiag(a(ϑ, ϕ))sinϑ. (20)

Then f (φ) can be expressed as

f (φ) = ∫ϕA+ 
ϕ
2

ϕA− 
ϕ
2

∫ϑA+ 
ϑ
2

ϑA− 
ϑ
2

φHJ(ϑ, ϕ)φφHH(ϑ, ϕ)φdϑdϕ,

f (φ) = ∫ϕA+ 
ϕ
2

ϕA− 
ϕ
2

∫ϑA+ 
ϑ
2

ϑA− 
ϑ
2
zHJ̃(ϑ, ϕ)zzHH̃(ϑ, ϕ)zdϑd

= f (z),

(21)

where

J̃(ϑ, ϕ) =
[
J(ϑ, ϕ) 0N×1

01×N 0

]
and H̃(ϑ, ϕ) =

[
H(ϑ, ϕ) 0N×1

01×N 0

]
, (22)

we have

R(ϑ, ϕ) = J̃T(ϑ, ϕ) ⊗ H̃(ϑ, ϕ) and S(ϑ, ϕ) =
∫ϕA+ 
ϕ

2

ϕA− 
ϕ
2

∫ϑA+ 
ϑ
2

ϑA− 
ϑ
2
R(ϑ, ϕ)dϑdϕ.
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Then

f (z) =
∥∥∥∥
(
zT ⊗ zH

)
U�

1/2
∥∥∥∥

2

2
,

By utilizing the EVD on S

f (z) =
∥∥∥∥
(
zT ⊗ zH

)
U�

1/2
∥∥∥∥

2

2
,

whereU�
1/2 =

[
δ1, ..., δ(N+1)2

]
, and δι is the ι-th column ofU�

1/2. The function f (z)
can be rewritten as

f (z) = v(Z)22, (23)

where v(Z) is a vector with regard to Z, defined as

[
Tr(B1Z),Tr(B2Z), ...,Tr(B(N+1)2Z

]T
, (24)

where Bι = vec−1(δι), for ι = 1, 2, ..., (N + 1)2.
The sub-problem (P6) can be recast as

(P7) : maximize
Z�0

‖v(Z)‖22, (25-a)

subject to Tr(EnZ) = 1, n = 1, 2, ..,N + 1, (25-b)

Tr(QckZ) − γ
[
Tr(QrkZ) + σ 2

k

]
≥ 0,∀k ∈ K, (25-c)

rank (Z) = 1, (25-d)

where En is a selective matrix satisfying

[En](m,�) =
{
1,m = � = n,
0, otherwise.

(26)

We suggest using first-order Taylor expansion to make (P7) even more convex.
of a function around qx, which is stated as

(27)

To find the first-order Taylor expansion of the objective function around v(Zx), we
can use the following equation

Hv(Zx)

(
v(Z)22

)
= v(Zx)

2
2 + ∂v(Z)22

∂v(Z)
|v(Z)=v(Zx), [(v(Z) − v(Zx)]. (28)
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A real representationHv(Zx)

(
v(Z)22

)
can be obtained through the following derivation

Hṽ(Zx)

(
ṽ(Z)22

)
= Tr

(
ζZx

Z
)
, (29)

where ṽ(Z) is a real-valued vector, and ζZx
is derived as

ζZx = 1

2‖ṽ(Z)‖22

⎧
⎪⎨

⎪⎩

(N+1)2∑

ι=1

Tr
((

Bι + BHι
)
Zx

)(
Bι + BHι

)
−

(N+1)2∑

ι=1

Tr
((

Bι − BHι
)
Zx

)(
Bι − BHι

)
⎫
⎪⎬

⎪⎭
,

where

‖ṽ(Z)‖22 = Tr(
1

2

((
Bι + BH

ι

)
Zx

)
)2 + Tr(

−j

2

((
Bι − BH

ι

)
Zx

)
)2.

As a result of the proof which is outlined in [10, Appendix B], Hv(Zx)

(‖v(Z)‖22
)
is

equivalent to Hṽ(Zx)

(‖ṽ(Z)‖22
)
and can be utilized as a surrogate function of ‖v(Z)‖22.

Accordingly, the objective function can be modified as

(P8) : maximize
Z�0

μTr
(
ζZx

Z
)
, (30-a)

subject to(25 − b), (25 − c), (25 − d). (30-b)

SCA-BasedAlgorithm. ASCA-based algorithmwill iteratively solve (P8) to approach
the solution of (P7), then the SDR technique can be employed to relax the rank-one
constraint. In the event that a rank-one solution is obtained, we can utilize the EVD to
acquire the optimal values of z and φ.

4 Simulation Results

In this section, simulations are conducted to validate the proposed algorithm’s analytical
properties and assess our beamforming design’s performance. The locations of the BS
and the IRS are [0,0,18] and [2,10,12] meters, and the locations of the k-th users, in
which K = 3, are [20,80,25], [20,80,15], and [–20,80,10] meters, respectively. The
elevation and azimuth angle spread of the scattering surface area A(
ϑ,
ϕ) are 
ϕ =
π
16 ;r = 8 m. The noise powers are σ 2

r = −90 dBm and σ 2
k = −80 dBm, which the

latter considered equal for all CUs. The signal wavelength is λ = 11.9 cm; the average
scattering loss is E{L1} = −10 dBm; the antenna element spacing is = λ

2 ; the SINR
threshold is γ = 0.9; the termination condition for the algorithm is ∈= 0.0002; the
Rician factor is κ = 10; the path loss exponents for BS-IRS, IRS-k, and BS-k links are
αBR = 2.2, αRk = 2.3, and αBk = 2.5; the path loss coefficient is L0 = −30 dB; the
total transmit power limit is PT = 30 dBm. During the simulations, the values of M
and N will vary based on different scenarios. The CVX Toolbox with the Sedumi solver
is employed to solve the optimization problems. For the computational of the integrals,
we utilize the trapezoidal method, which involves approximating the integral value by
dividing the variable range into 100 divisions. This approach ensures a high level of
accuracy in the approximation of the integral.



76 S. Awad et al.

Fig. 2. Convergence behavior of the algorithm at N = 64 and N = 81.

Considering the aforementioned parameters, Fig. 2 demonstrates the convergence
behavior of our proposed algorithm; we can observe that the algorithm exhibits fast
convergence and the impact of increasing the number of IRS elements on the convergence
behavior.

Figure 3 illustrates the relationship between the number of IRS elements and the
SNR values considering different numbers of BS antennas. By analyzing the curves, we
can notice that the SNR values tend to improve as the number of IRS elements increases.
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Fig. 3. SNR at the BS vs N at M = 20, M = 24, and M = 32.

Furthermore, increasing the number of BS antennas leads to increased SNR values.
In Fig. 4, the SNRvalues are plotted against varying transmit power levels by compar-

ing the SNR values obtained from our proposed algorithm and the SNR values from the
matched filter, where wc, wr, and wB are derived as wc = wr = wB = βaH(ϑBR, ϕBR),
and the IRS elements are randomly generated. The curves clearly demonstrate that the
SNR values obtained from our algorithm consistently exhibit higher values compared
to those obtained from the matched filter.
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Fig. 4. SNR at the BS with respect to PT , when using our algorithm and MF at M = 32 and N =
64.

The depicted scenario in Fig. 5, discusses the comparison between the SNR values
acquired from our algorithm and the matched filter at corresponding transmit power
levels when considering the fixed total number of N and M, the figure sheds.

light on our algorithm’s advantages and potential benefits by showcasing the higher
SNR values it achieves compared to the MF approach.
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Fig. 5. SNR at the BS and PT with a fixed total of M + N = 100 for our algorithm compared
with MF.

5 Conclusion

In this article, the integration of IRS in the ISAC system, with its ability to reconfigure
thewireless propagation environment and by leveraging active and passive beamforming
approach, offer significant advantages in maximizing the SNR at the BS, further enhanc-
ing target detection. An optimization problem is formulated to maximize the SNR at the
BS while ensuring the minimum SINR at each communication user. The optimization
variables are decoupled by employing alternating optimization, and the intractable prob-
lem is split into three sub-problems. Simulation results highlight the effectiveness and
superiority of our algorithm in maximizing the SNR at the BS compared to the bench-
mark scheme, thereby opening up opportunities for improved capabilities and expanded
applications.
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