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Abstract. This research focus to analyze the relationship between information technology
skills (ITS) and information quality strategies (IQS) to increase the performance of
individual performance (IP). Sampling Several 259 respondents across generations and
across education. Data collection techniques for questionnaires and interviews. The SEM-
PLS Compound Path Test is used in this study to contribute data from the analysis of
pathways mediated by the user's interest and the moderation of learning styles to the
enhancement of individual learning methods. Results have shown that ITS and IQS has
contributed to IP, while the interest of the user as mediator has not been able to mediate
significantly on IP and learning style (LS) of one has not been able to moderate IP
improvement. The results suggest that every individual with not only good knowledge in
science but also an interest in using the latest ITS and an efficient IQS is expected to
change the learning literacy method quickly and effectively.

Keywords: Information quality strategy, Information technology skill, User interests,
Individual performance, Learning style.

1. Introduction

The report is defined as the implication of the document with the perspective of knowledge
function [38] and provides the necessary skills for the future role of an individual as a
decision-maker [61]. A large number of methods of information and their benefits can be
obtained from the system depending on its use [52] In addition to the quality of the news built,
information technology skills [18] have built many encouraging models, each with a set that is
not similar gain determinant. Research filed [17], [35] suggests that the urge for technological
information is not an expense in technology, but the use of authentic technology. Another
thing that is said to have mutual factor compulsory choice of complications and disruptions
type of information technology obsession [4], [56]. Therefore, to know the interest of users
requires the quality of reports and the capabilities of information technology on each single.

Some of the other obstacles needed to improve individual performance are the need for
quality information and individual visibility capabilities. Some early researchers such as [47],
[16], [63] suggest that the quality of information and the system determines conceptual and
empirical effectiveness in individual performance outcomes. The same thing from the
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relationship of information technology skills on individual performance with the ability of
technology skills one can improve the actual performance in the industry [25], in addition [31]
arguing technology skills is an implementation of a form of success in the empowerment of
individual workforce. [36] It also associates the use of information system skills to
significantly impact the individual functional performance in terms of productivity, efficiency,
effectiveness and cost. But from past researchers ' discussions have never filled a vacancy in
the quality of information and information technology skills mediated by users ' interests.
Thus user interest contributions in this study can be a measure of individual performance
optimization.

From the study results according to [3], [1], [46], User interests are also influenced by the
quality of information through the Web can affect individual performance as a user. But
information from Internet Information technology fundamentally affects how information is
misdispersed so that it is recorded on the information that individuals receive [37]. From that
gap or inconsistency, this study assumes that the user's interest in information grows, we
moderate the interest of the user with the learning style to know if it can strengthen in
improving individual performance.

Programming language learning methods, supported with online forums [55], [43] and
productive engagement of employees can enhance learning academic performances by
achievement [15]. Another thing, the visual learning style channels will provide cognitive
skills [14], [39] that users use in a digital atmosphere, but digital learning difficulties in
addition to involving objectivity the ability to adapt the software or to activate numerical
procedures such as coherent, motor, sociological, and obsessive users are also important to
develop their personal talents [19], [34], [57]. Thus the awareness style of channel utilization
of information and skill changes can be used as a reference to contribute to the elaboration of
certain potential. The aim of the study contributes to the conceptual analysis of the user's
interest in a more effective learning style with information systems technology literacy and
skill utilization in order to improve the competitive individual's performance.

2. Literature Review

2.1 Quality Information

Data quality shows the consistency of the data system performance, which may be a
document or electronic display [27] Once, the model of this information quality success
developed by DeLone and McLean [49], QI can be defined as suitability for the use of
information [44]. In conducting online learning, students certainly need information that is in
the process, by which, the quality of information is important because the information can not
be used if it is not trustworthy. Therefore, it is very important [45], the dimensions of the
quality of information are not detached from the needs of each party, and in general, only part
of the relevant dimensions are used by needs. The unique challenges encountered and wants of
the clients decide what quality attributes are important and which quality levels are needed in
any dimension [8]. In the variable quality of the information using dimensions consisting of
accuracy, timeliness, understanding, and fragility [54]. The quality of the informed gives a
significant impact on the user's interest [58].



2.2 Information Technology Skills

Information technology skills are managerial, intrapersonal, and interpersonal skills used
to solve information technology-related work issues [60], it also describes students who have
technical skills related to technology have more value than having only academic skills in
general. Despite the increasingly important soft skills, very little systematic research
conceptualized the skills related to information technology and even less measuring these
skills [5]. In the variable of information technology skills using a dimension consisting of
willingness to learn, passionate, logical ability, and ability to solve problems [6]. Utilization of
information technology can improve performance [23].

2.3 User interests

Intelligent interest is an endeavor you enjoy and the topics that you'd like to know about
[65] The topic you want to ask, learn, gain knowledge or include by the representatives is
further defined as the user preferences (agents may be an individual user, a community of
users or other smart operatives). User interest can be regarded as the background of
knowledge from the user, hence it can be regarded as a context for the literature on Web [13].
This is in line with research done by [50] stating that user interest is one of the important
factors to influence the decision making process of the user, which has been demonstrated by
the study of psychology and sociology. [62] The emergence of interest in using the system is
influenced by the presence of performance, business expectations, social influences and
conditions that facilitate an individual.

2.4 Learning Style

LS is part of the greater perceptions of the students. [41], the LS of each student differs,
should not the faculty of University assume that the student learning style is the same, and will
be a commitment of the university education professors to widen ones report of learning
activities expand the field of LS as many adult students as possible to achieve more effective
learning [12]. In his study [30], He clarified that most researchers promoted the use of
knowledge in teaching styles to improve their learning skills by using different teaching
exercises and to help their students become cleverer by using less convenient styles. In the LS
variables using dimensions consisting of visual, auditory and kinaesthetic [20] Learning styles
are key to developing performance in work as well as in schools [40].

2.5 Individual performance

In organizational therapy and organization, individual success is the central principle.
Scientists have developed strides in reiterating and extending the success definition over the
last 10 or 15 years [9] with the changes we are currently watching in the current organization,
the concept of performance and performance requirements is changing as well [33] Human
output over time is unpredictable. The variation in the success period of a company tells (1)
The learning process and other long-term changes and (2) temporary changes in performance
[59]. The previous research shows that providing the same learning materials and providing
the same teaching conditions for all students can lead to a decline in learning performance
without considering different background characteristics, prior knowledge, experience, and
learning talent [21]. Individuals can use technology to assist them in carrying out their duties
[26]. QI has a significant relationship to IP [2].



3. Method

Partial Least Squre (PLS) is used as a data analysis technique in this research PLS is an
alternative approach that shifts from covariance-based SEM to variant-based approaches [51].
This study utilized the structural equation modeling technique to analyze the relationship
between the quality of information, information skills and technology as well.

A questionnaire was prepared and sent out to Indonesia college students who receive
online learning. The questionnaire distributed online almost throughout Indonesia in June-
July 2020, nevertheless, only 259 respondents returned. This research used the method of
modeling structural equations to evaluate the ties around:
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Fig.1. The Conceptual Research Model

In most studies of social and behavioral sciences, researchers often encounter theoretical
construct (s) that cannot be observed directly [51].

a) Latent variables are variables that cannot be measured directly but can only be
measured with one or more manifest variables. This variable is also called an
unobserved variable. In this study, each endogenous and exogenous variables are
latent variables, namely Information Quality, Information Technology Skills, User
Interest, Individual Performance, Learning Style.

b) Exogenous variables, often also known as independent variables, are variables that
are not influenced by other variables and affect the dependent variable. In SEM, this
variable is indicated by the arrows coming from this variable towards the endogenous
variable. In this research, including this variable are Information Quality, Information
Technology Skills.

¢) Endogenous Variables Endogenous variables or often also known as dependent
variables, are variables that are influenced by independent (exogenous) variables. In
SEM, this variable is indicated by the arrows going to this variable. In this research,
including this variable are User Interest, Learning Style, Individual Performance.



Table 1. The Research Variables and Indicators

ICJ:?eSI:l;l;t‘/iabel Indicators/ Manifest Variable
Exogenous Information 1. Utilizing e-learning as appropriate
Variable Quality 2. Information directly obtained from online learning to be
more practical
3. Information from online learning
4. Learning systems that are fast and easy to access
Information 1. Interest in information technology
Technology Skill 2. Passion about learning to use information technology
3. Easiness of receive information using information
technology
4. Reliability in overcoming problems in learning using
information technology
Endogenous  User Interest 1. The use of information technology application content that
Variable is easy, simple and useful
2. The priority to sophisticated information technology even
if it has to be learned
3. Ability to learn new information technology
4. Ability to meet the costs of using information technology
for online learning
Learning Style 1. Visual learning comprehension
2. Audio learning comprehension
3. The fondness of learning to use smart electronic aids with
the internet
Individual 1. Ability to do online learning information well
Performance 2. Ability to explain information from online learning
verbally
3. Ability to give an example of the results of online learning
4. Ability to describe the results of online learning well

Based on [29], the postulate expended remains like charts.
1. The numerical hypothesis for the inner typical is:

HO:yi=0
HI:yi #0

2. The arithmetical hypothesis for outer exemplary is:

HO:Ai=0
Hl: M #0

Hypothesis 1 (H1):

There is an express or indirect influence among IQ and IP.

Hypothesis 2 (H2):

There is a through or indirect influence concerning ITS and IP



Hypothesis 3 (H3):

There is a straight or indirect influence amongst 1Q and IP through UI

Hypothesis 4 (H4):

There is an uninterrupted or indirect influence amid ITS and IP through UI

Hypothesis 5 (HS):

There is an express or indirect influence among 1Q and Ul

Hypothesis 6 (H6):

There is an express or indirect influence among ITS and Ul

Hypothesis 7 (H7):

There is a direct or indirect influence amongst UI what is more IP which is moderated by LS

4. Result And Discussion

4.1 Measurement Model Assessment (Outer Model)

In SEM-PLS, the evaluation of the first outer model is done to determine the validity and
reliability of indicators that measure latent variables [53], [28]. The validity and reliability
testing of indicators refer to measurements of convergent validity, linear validity, and
composite reliability.

Table 2. Measurement Model

Construct Items Loadings AVE CR Cronbach’s
Alpha

Information Quality 1Q1 0.811 0.675 0.892 0.839
1Q) 1Q2 0.837

1Q3 0.841

1Q4 0.796
Information Technology ITS1  0.771 0.632  0.873 0.805
Skill
TS) ITS2  0.853

ITS3  0.786

ITS4  0.766
User Interest UIl 0.812 0.625 0.869 0.797
Un UI2 0.835

UI3 0.829

Ul4 0.675
Learning Style LS1 0.778 0.562 0.793 0.618
(LS) LS2 0.659

LS3 0.804
Invidual Performance IP1 0.873 0.697 0.902 0.855
(Ip) P2 0.778

IP3 0.883

1P4 0.800

AVE = Average Variance Extracted; CR =
composite reliability

Source: Data processed,
2020



4.1 Convergent Validity

Convergence validity testing shall be measured loading the importance of each index of its
variables. Charges above 0.700 are highly recommended, but for exploratory research, loads
of 0.400-0.699 are acceptable [32], [64]. The Loading Factor of the Highest Rated Indicator is
the strongest or most important indicator to reflect on the latent variables concerned. The
value of the loading factor interpreted the contribution of each indicator to its variable
variables. Table 2 shows the value of the loading indicators — latent variable indicators, i.e.,
more than 0.600-0.700. These results can be concluded that the research variables have been
capable of being formed or well explained by their respective indicators and can be considered
a valid convergence of indicators.

4.2 Discriminant Validity

Intended to test whether the research variable indicator is valid for explaining or reflecting
latent variables formed from other latent variables. The discriminant validity of the
measurement model was assessed on the basis of the extracted (AVE) average variance for the
latent variable score component. The AVE value should be more than 0,500 [22], [7]. The
AVE value above 0.500 indicates that the linear validity has been reached, i.e. the indicator
used has been able to explain the variables formed by other variables. Table 2 shows that the
AVE value of each latent variable is greater than the value of 0.500. This means that the
measurement model has been achieved and that discrimination is valid.

4.3 Composite Reliability and Cronbach’s Alpha

Composite reliability and Cronbach alpha are used to test the consistency of the indicators
of the latent variables that form them. The value of composite reliability is said to be good if it
is above 0.700, while the minimum value of 0.600 is acceptable for Cronbach's alpha [7], [22],
[48]. Table 2 shows the alpha coefficient of Cronbach from 0.618 to 0.855. The value is more
than 0.700, and the acceptable value limit is 0.600. The lowest Composite reliability is 0.792,
and the highest value of 0.902 shows that the indicators used are consistent and adequate to
inform the latent variables. The indicators used in the study met the criteria for use in the
measurement of their variables because they are valid and have high reliability and
consistency. From the assessment of convergent validity and linear validity, as well as the
reliability of the composite and Cronbach alpha, it can be concluded that the indicators are a
latent variable gauge, each of which is an accurate and reliable gauge.

4.4 Structural Model Testing (Inner Model)

a) Goodness of Fit

The relationship between the constructs, p-values and the determinant coefficients of the
research model is to be seen in the assessment of the inner model [24]. Structural models for
R-square (R?) and Q? (predictive relevance models) were evaluated in this study. Q* shows the
level of the model results as well as the estimated parameters that are assessed on the basis of
the observations made. Q? is calculated on the basis of the total value of R2. The magnitude of
Q? approaching the value of 1 indicates the model has a predictive value of relevance, which
means that the model is improving [10]. Following the results of the R? and Q? calculations,
the research model is shown:



Table 3. The value of Goodness of fit

Exogenous Variable  Endogenous Variable  R? Q?
1Q, ITS Ul 0.470 0714
1Q, ITS, UT*LS 1P 0.460 ’

Source: Data processed, 2020

Value of the coefficient of determination (R?) derived from the Quality Information Model
and IT skills to the User Interests of 0470. This means that the variable model of user interests
can be explained by 47% of quality information and IT skills. In the same way, the variable
performance variable model can be explained by variable quality information, IT skills, user
interests, and user interests with a 46% moderation learning style. The rest is influenced by
other variables outside the study. The value of Q? indicates that the predictive value is relevant
0.714. These results may mean that the accuracy or accuracy of the model of this research can
explain the variable diversity of quality information, IT skills, and variable moderation
learning style to 71.4 percent of user interests and individual performance. Thus, the model
has a good estimation value.

b) Hypothesis Testing

The hypothesis evaluated by comparing the value of the framework path parameter
coefficient. Hypothesis testing of the model is performed on the basis that the relationship
model built in the study is appropriate (Goodness of fit). The objective of testing structural
relationship models is to determine the correlation between variables or latent constructs.
From the output of the SEM-PLS, the test of structural models and hypotheses is performed by
looking at the estimated value of the path coefficient, and the t-statistical value and the value
of the significance.

Table 4. Structural Model Hypothesis Testing for Direct and Indirect Effect

Hypothesis Relationship Coefficient ]SEtr(ior t-values p-values  Decision
H1 IQ > 1p) 0.254 0.120  2.113* 0.036 Suported
H2 TS > 1P) 0.149 0.130 1.152 0.251 Not Suported
H3 IQ>UI->1P) 0.029 0.088  0.323 0.373 Not Suported
H4 (ITS = UI > IP) 0.067 0.186  0.359 0.360 Not Suported
HS5 I1Q > U 0.230 0.111  2.067* 0.040 Suported
H6 ITS > UI) 0.535 0.091  5.892**  0.000 Suported
H7 (UI*LS > 1IP) 0.190 0.625 0.304 0.381 Not Suported

**sig. 1%; *sig. 5%
Source: Data processed, 2020

Based on the conceptual model, the test of the relationship models and hypotheses between
variables is carried out by testing the pathway coefficient of direct influence and indirect
influence (mediation and moderation). Of the four direct influences between the variables
tested, there are three significant direct influences and one insignificant direct influence.
Meanwhile, indirect influence models (both mediation and moderation influences) between
variables show insignificant results.

The coefficient of direct influence of quality information on individual performance (H1)
is positive and significant for alpha 5 percent, while IT skills on individual performance (H2)
have no significant impact. Quality information and IT skills against user interests (H3; H4)
Each has a significant positive impact on the Alpha 5% and 1%. Significant influence shows



that the built-up hypothesis is acceptable, while others are rejected.The results of this study
explain the quality of the information received and IT skills owned can increase individual
interest in the use of information technology in the online learning process and use to improve
the individual performance of students in Indonesia. The results of this research can provide
relevant information to its primary stakeholders for university lecturers about the online
learning outcomes. Further research results outlined as follows.

The study found that information quality has a significant positive influence on users '
interests. This research proves that the higher the quality of information that students receive
in online learning according to timeliness, accuracy, understanding, and the rigour of
information. So it can increase student interest in utilizing online learning. That is, lecturers
are required to maintain the quality of information and services to be able to encourage
students to use information technology and follow online learning. This research is in line with
the findings of [58]. The quality of the information in the form of quality audiovisual content
can attract users to use it.

At the same time, this study revealed that the quality of information has a direct influence
on individual student performance in Indonesia. Simply put, the better the information
received by students, the more students are motivated to increase their achievement
independently, moreover, when their prayers recognize the students' efforts and outcomes. [2]
Also reveal flexible, easy-to-access online learning, providing up-to-date, accurate and
interactive and responsive information, increasing student interest in online learning.

Associated IT skills influence the user's interest shows significant positive impact directly
on the user's attention but has no effect on individual performance. The results revealed that IT
skills affected users' interest in the utilization of information technology, proving that more
and more students are motivated to utilize online learning and strive to follow it. The results of
this study are consistent with the findings of [58] which reveals that the quality of experience
that someone has against IT will affect the user to choose Online Services. In this case,
students with IT skills can inspire their interest in utilizing information technology in online
learning. However, with IT skills, students have not automatically increased their
achievements as well. It undoubtedly depends on the individual's ability and the learning
process of students in capturing and analyzing the information received. This results by the
findings of [11], [42] which reveals that use of IT does not impact performance. Student
learning styles are not yet able to moderate the influence of user interest on individual
performance. Studying students independently through online learning has not entirely
influenced the performance, except with the help and guidance of lecturers.

Overall it can be concluded that quality strategy and IT skills become the primary key that
students have to have. The positive effect can be felt directly by the students by utilizing the
maximum information technology as well as supporting the individual performance
improvement of students in the new normal era. Lecturers and leadership policy support
should prioritize quality content and services to improve student literacy when applying online
learning at universities in Indonesia.

6. Conclusions

This study examines the relationship between information quality strategy, informational
technology skills mediated by user interest and there are learning styles that functioned to
moderate performance in individual, especially for education literacy development. Previous



empirical studies have examined the relationship of quality information and technological
developments in developed countries. There is limited evidence to demonstrate that a study
examining the effects of the moderation of learning styles on the individual interest
relationship of technological information that has been conducted in the country is still
developing. The study showed that the leadership of information quality and the ability to
adapt individual technology skills is a crucial factor in the face of learning literacy methods in
the current new normal era. The results of this study emphasized that the user's interest in
information in terms of receiving quality information and technological skills development
should be optimally followed for an increase in individual performance values. Learning style
in education literacy is a method that must be developed in accordance with individual
characteristics — each individual who can certainly support the learning process independently.
It is very important to develop your own potential by implementing learning styles and
interests using information technology in the new normal era to continue to evolve in
technological literacy.
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